LN
A

v

EMERGING TECHNOLOGIES:
LEARNING ANALYTICS

New Jersey City University
CROSS-DISCIPLINE STUDIES IN TECHNOLOGY

Assessment 1: Group Members
Katy Blatnick-Gagne
Martha Osei-Yaw

Leonard Sheehy

1
(
















* The Adag Stive theory by combining

the domain model e student model. The learning obijectives

and student levels are matched for student use.
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® Recommendations can be made for
each student which will allow them

personalized learning experiences
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students that are not understanding

the material, while allowing others to

work ahead when applicable






CHANGE
AHEAD

®* The systematic use of data to increase teacher effectiveness is
relatively new to the educational system

® This type of intentional data-mining is relatively new

/5 * Additional training must take place for all educatorsto be on a ﬂ"
s
D

level playing field
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‘project then

al media is used to find the
interests of a en o create a learning system that

might be more motivating to the student

* Disposition analysis — applies data on a student’s character

be curious

/) * For example if a student asks a lot of questions it is in their nature ’roﬂ %
D
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* |t appears as though we are still at the very early stages of
seeing the research findings combined with commercially
viable solutions that have achieved traction in academic

/) settings (Newman, 201 3). 4 ©
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